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Abstract

This paper presents a novel task offloading
approach designed to improve the efficiency of 1oT
applications within a three-layer architecture in fog
and cloud computing environments. The 10T layer
consists of smart devices that generate numerous
tasks, each with diverse characteristics such as size,
computational  requirements, communication
needs, and time constraints. Due to the storage and
computational limitations of loT devices, it is
necessary to offload these tasks to different layers
to ensure efficient processing and meet Quality of
Service (QoS) objectives.To address this
challenge, a Type-2 Fuzzy Logic-based task
scheduler is employed to make intelligent task
migration decisions. This scheduler selects the
most suitable processing layer based on the task
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characteristics. Additionally, this paper leverages
Proximal Policy Optimization (PPO) deep
reinforcement learning to maintain load balancing
among cooperative nodes in the fog layer through
optimal task migration. Experimental results
demonstrate that the proposed scheme outperforms
existing advanced methods in terms of reducing
latency, energy consumption, network utilization,
throughput, and task migration rate.



