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callio dzmks G Market Expansion via Instant Messengers’ Groups
VIO o] g o Recommender System
VNV oMl &, Ali Hashemi, Mohammad Ali Zare Chahooki

AVIBIY: oy g Yazd University, Yazd, Iran

AV/IONG: Ll 7
’ & Abstract

Nowadays, social networks and instant messengers are inseparable parts of day-to-day life. A huge amount of
valuable information is shared there. By means of this information, marketers can better target their

Keywords; potential audiences. Users used to create social groups and follow discussions. With the advent of smart

phones, next generation of instant messengers like Whatsapp and Viber became popular. Because of social
Online social network parameters in Iran, an instant messenger is utilized same as social networks. An instant messenger like
Information retrieval Telegram provides neither a marketing platform nor the possibility to search among groups. In this paper we
Recommender system propose a method to search and rank instant messenger groups by query. Then we extend the retrieved

group by means of our novel recommender system. Our method has been implemented in IdeKav which is a

tool for instant messenger marketing.
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(Figure-1): IdeKav owerall architecture
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ofeal SIS b p liin Saey
6999 09,5 lael laiul .aiS' oo )5 (] )15 Cogae
» Lasl gl Bl S e Wed e sl SIS 50
oled Bl gae Sl (Sen 3 (6500 (slaog S
gl LS5 sl olyen 4 wax glaog 5 ol
IS oo 09 oo bl SIS I (S pie slael)
et 5o 0ad 2bil sleeg S 5l S » sl
olawd &y 09,5 SO LSS dlaw Cad 4> 2 C]
2 GV s, S ol el i lalael
a2 b Savoy oo inla i Sl Faos
Sz (glrog S Sleriny oy S o )5 Cogas 4
AL o )



Lo ylwyely sloog S Sawog b oL )lL (sdrwg

Y olows (Jol Jlw codds i (sl ilolw g Sluwlore doliliadgy ¢ Soals £)l5 Jedaswe (bl Lo dw

)
J

i
=)
-~
SOv 09,5y slael shiwi (:Sile
&S oleeg,S olow Sl
Y/FA nT e 5’,5 o
5l Blas a5 Sl slaws
YAIFRANY 25l Bl a5 Sl ol
KW C)L& 05,5
Ay St
W) C)B u—| )‘ ).3)[5
JYRURgE. Lgubcsjf Slows u...iaLuo
\IYS _
09,5
ol o ash  opl goleis b,

ol s BB pgec slp g oad iluosly
wgai slp 1y sSonl Faros laslin ) gl
sadolpiin slog S Y Jgox asles,gl bl o
e oo s 1) Cgishad (letiS VB 095 (sl
055 399 b ety sleog S Y Jou
@Wog)S Jold 53 ¥ Jguxr € Soley»
G9n? 055 S35 2 SIS galauly 4y a5 ol

Sloas slgrias €l pl LS

Cgei s loxdS Y0 09,8 Wlolsdion (Y- Jgu)

(Table-2): Recommendation list for “Chess
Forum”

Ol Sy sbewl @il 09,8
Best Game
Ol gk o 09,5
ks jo olpiiy ¢ ololal
I I R TN [ N =T~
S RS gkl oSl
Olnl Ok @kl 098
Online Worldchess
ks b egrd
Bl grbd g 200

Ol DN o0 W Sy S 4 g oad )l e
OBl 929 pas Jodo 4 Wlgi oo ()15 JB8, g9
& slp Ol il a5 5o elr (soins
OF 5l s 9 Wigdi oo (52955 )5 (sabe slasles
P90 d9zy Ceeal gedge ul Wedioe gl
Ol gooy ) (oS sloog S 6l (9t
.s.\.(b»)ksa

L ol Slegdse 5 Olbs Jols slaply L
GASS o o0 andeld ool |y S0 sl S
o el a2 BB LIl 950 0 a5 (6,500
Ogebee YO (o 5l il 0l oo pol (slaply (YL
ool auseid quenl byl 5l ygukos VA ¢ 8L ,0 plo
Il S & caldb 5 ol igd o
9 oo 7B 5,18 e SalS” (Slgiome 4 lwog 5
Wl gz el onl o leeg S cnl sleply
BTl cepl S e (sl oy Sl (6 5k
S oS o)Ll s gedge cnl 4wl il ol
Ngboo Sk ol by &5 olaply b 505
RO PUEIK SN SRR P R S U

Pl 51 gl ousl Hlol :(- Jgu)

(Table-1): IdeKav’s Telegram statistics

Ol YO oad o33 slaply olaws (1Sl
(s ) Al
ke # slaply ué~\>““)‘l O
(s ,%5) SPam
104 09,5 ;o slaply olaw (wSile
395 0°
YV Spam Gi> 3 o Yo b
WY SIS oloss) L Jsb oofiles
BEE gy o slmag,S Sl
F-FYOH-AY g w5 S

29 Telegram Bot

YA




\ IS gloog S Saog b oL yl5L (sdrwg
04[,0 £ 9 el ¥
— Y olows (Jol Jlw codds i (sl ilolw g Sluwlore doliliadgy ¢ Soals £)l5 Jedaswe (bl Lo dw

A g oo dwbre 09,5 ;o lacl oo slaeg,S
é;é‘j 5O Mgl o (g, LQQ] 6LAC| Slaws Cas
Qs 1y Sl gac pyiien a5 obbes S

Cubls wiales

Collb g Sole e by, ol o
poos (s )3 (95 led g 00l (3lwosly glSol
Ghgy ol 45 wmaee Glis 28 S o)l )8

“‘*Sa.s"J"" 9> sl

o095 slal gaon b s, ol ol Jlo s
U S ol ;5 88 o 3)55  GSy sk
e slael g 098 Jud slasl g5 olpae (o
S aimen b BB gl eg8 b
Ses he) Ol o B e Glaely e oS S
b by 9d50 )90 10 a5 S5 Glgioe o)l
255 plete O L) wiles S Zumms 055 £9d5e

&=V

[1] M. Eirinaki, J. Gao, I. Varlamis and K. Tserpes,
"Recommender Systems for Large-Scale Social
Networks: A review of challenges and solutions", Future
Generation Computer Systems, vol. 78, pp. 413-418,
2018.

[2] D. Kotkov and S. Wang, "Chalenges of
serendipity in recommender systems", in Proceedings of
the 12th International conference on web information
systems and technologies, 2016.

[3] G. Jeh and J. Widom, "SimRank: a measure of
structural-context similarity”, in Proceedings of the
eighth ACM SIGKDD international conference on
Knowledge discovery and data mining, 2002, pp. 538-
543.

[4] Y. Ding and X. Li, “"Time weight collaborative
filtering”, ACM International Conference on Information
and Knowledge Management, 2005, pp. 485-492.

A

€Sl 09,5 widlpdulin (Y- Jouzr)

(Table-3): Recommendation list for
“Contractors”
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