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Abstract

Universities and educational institutions collect and store a huge amount of
data, such as personal and educational information of students. The huge growth of
Characteristic electronic data in universities points to the fact that by using data analysis methods, it
is possible to achieve desirable results in the fields of education and research. One of
the main challenges of the educational environment is the success rate of students.
There is the issue of what are the most important characteristics of students to predict
their academic progress and which algorithm is more suitable for making this
prediction, and if appropriate results are obtained in the analysis of academic
progress, how can managers plan better based on it. In this article, all the possible
characteristics of students in an educational institution, collection and some data
(gt odiin g Jooul mining algorithms as well as a proposed method have been implemented on the data
and the results have been obtained, checked and compared with each other based on
the criteria of Accuracy, Recall and Precision. The decision tree showed the lowest
accuracy with 0.864 and the proposed method showed the highest accuracy with
0.935. Also, the most important features that are effective in the academic progress
of students were identified. By using this prediction, managers can also remove the
obstacles and provide the ground for the progress of students.
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[TEREY B3 0s =3 g La sola Uil gs
X train = pd.read_csv("average.csv")
y = X train['Tota

X = X _train.drop('To

# Jio alaal
clf xgBoost = xgb.XGBClassifier()
#_!.'._,uu_.!a gl ase

clf xgBoost.fit(X, y)

# csasl 3,030 aal e,y xgBoost

importance dict = {}

for import_type in ['weight', 'gain', 'cover']:

% importance dict['xgBoost-'+import type] = clf xgBoost.get booster()
.get_score(importance_ type=import_ type)

Foooolio GopieS 5 gogiay dwalia

importance df = pd.DataFrame (importance dict).fillna(0)

importance df = pd.DataFrame (
preprocessing.MinMaxScaler () .fit_transform(importance_df),
columns= importance_df.columns,
index=importance df.index

#C-._A__o_.!' 3oablia sl 3o X 5o ds dg 5
importance df['mean'] = importance df.mean (axis=1)
#F olosas pawys

importance df.sort_walues('mean') .plot(kind='bar', figsize=(20, 7))
plt.show()
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